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Abstract; Based on the advantages and disadvantages of data mining algorithms that applied in coal-fired
boiler optimization operation and pollutant emission control, including association rules, cluster analysis,
neural networks as well as support vector machines, this paper reviews the status on fault diagnosis, boiler
combustion optimization, pollutant emission reduction and unit optimization operation by data mining tech-
nology. The analysis shows that artificial neural network is relatively widely used due to its strong robust-
ness and self-learning ability. In the future ,based on the incineration mechanism and coupled with other
algorithms it can be further applied in engineering. Furthermore,on basis of existing application of data
mining technology, the future development and application of the intelligent waste incineration boiler that
has largely optimization space under high control requirements have been prospected. We suggest to com-
bine the data mining technology with the cloud computing platform, consider the actual working conditions
and characteristics of the waste incineration process, and further develop data preprocessing methods to

expand the dynamic data sampling range and improve the actual operation efficiency and generalization a-
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Tab. 2 Comparison of combustion optimization test data''”’

SR L e HhALsE
I/ MW 330 330
M/t - h! 176.5 175.3
AR % 65.5 25.0
B 2 A 1 IFEE/ % 65 25.0
C R IFFEE % 20 20.0
D BRI B % 68.5 36.0
E BN TIFE % 60 35.0
OFA1 kA1 FFBE/ % 80 100
OFA2 Z 3R XU THF B/ % 80 100
T RRJE/kPa 1.35 1.11
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NO, i ¥k i/ mg + m > 348 289
PR % 92.37 92.02
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Tab. 3 Reference value of flue gas oxygen content''’

TH HLAL T/ MW St At/ %
1 67.5~92.9 8.749 ~9.555
2 92.9 ~100.5 7.789 ~8.749
3 100.5 ~107.5 7.101 ~7.798
4 107.5 ~122.7 5.359 ~6.433
5 122.7 ~128.2 3.887 ~5.359
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